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Layered data reporting allows DonorHARTE t o0 meet a vari
vigilance needs: The first annual report of the AABB US Donor
Hemovigilance System.

Kevin J Land MD
Chair, US Donor Hemovigilance WG
Senior MD, Blood Systems
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Ontology and data structure modeling is not new

Taxonomies/Ontologies explain our conceptualization (understanding) of the
world while information models (of data structures) describe and constrain how
the data is stored and transmitted in messages.

I Thomas Gruber "A Translation Approach to Portable Ontology Specifications":

Principal questions of ontology: % 1 b
"What can be said to exist?" ‘
"Into what categories, if any, can we sort existing things?"
"What are the meanings of being?"

"What are the various modes of being of entities?"

’

Parmenides, 5t BC

Parmenides, was among the first to propose an United Blood Services

2 ontological characterization of the fundamental nature or reality of things



http://tomgruber.org/writing/ontolingua-kaj-1993.pdf

Useful data surrounds the donation process
and should be nfreedo t

Who benefits from data freed from its primary donor suitability and United Blood Services
component manufacturing use? The donor, others, but ultimately the Patient



But without a way to organize the data
we are easily overwhelmed by the sheer volume of it

0l wonder éi we haven
these numbers that we are no longer capable of

truly assimilating any knowledge which might result
from t he m. éMichael Lewis, Moneyball (2004)

maon we [ mean min max
A 58,999,240 72,381,152 41,012,568 | 56,707,864 41,012,568 72,381,152

AP 10,660,769

"y 4,558,410

BAC 282,493,760

(AT 573,01

icsco 35,176,356

oV 5,563,772

00 4,502,

IS 5,214,792

(GE 42,235,624

HO 13,844,170

eQ 15,343,951

184 4,546,

INTC 154,898,736

i 11,274,671

oM ,983,7

KT 6,005,376

%) ,320,957

MO 10,571,327

st 4,220

. 1,751,400

MseT 62,691,184

PrE 30,093,884

G 10,948,680

T 34,192,520

TRV 3,797,852 39966¢.082
uTx ,632,643 | 3,48, . 713838175
vz 22,160,384 | 30,526,256 22,160,384 43,272,512 964213975
Wi 13,552,224 12865256 9,286,738 | 11641, 9,206,738 13,552,224 1745821.32
XoM 17,361,868 20,437,044 23478852 | 19,569,762 15804717 23478852 302139444

United Blood Services

Chapter 4: Field of Ignorance, p95
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There are many stakeholders of data & its analysis
Futball example: Player Roster

A Who benefits?
Players, parents, managers

GOALKEEPING STATISTICS 21 Adriano

NUM  NAME 14 Javier Mascherano
1 Wictor Valdés 11 Meymar

13 José Manuel Pinto 2 Martin Montoya

25 Dlazabal 18 Jordi Alba
OUTFIELD STATISTICS 15 Marc Bartra

HUM NAME 17 Alex Song

3 Gerard Piqué 5 Carles Puyol

4 Cesc Fabregas 20 Cristian Tella

16 Sergio Busquets 24 Sergi Roberto

g9 Alexis Sanchez 28 Adama Traore

7 Pedro 19 lbrahim Afellay

8 Andrés Iniesta 29 Jean Mario Dongaou
fi Xavi 12 Jonathan Dos santos
10 Lionel Messi 2V Patri

22 Dani Alves

United Blood Services

Static, minimally changing data collection




There are many stakeholders of data & its analysis
Team Sta’n d I n gS Additional information understood

Minimum Data Set within a broader context

Who primarily derives value? Liga BBVA / \

c Standings
Fans, governance body, bookies
4 Team GP W D L GF GA GD PTS
1 Real Madrid 26 20 4 2 73 26 47 64
S Deportivo PO - . ERANCE 2 Afético Madrid 2% 19 4 3 61 21 40 61
'@‘ e ‘ 3 Barcelona 25 19 3 3 70 20 50 60
" 4 Athletic 26 15 5 6 49 30 19 50
LFP 5 Vilarreal 26 13 5 8§ 47 31 16 44
6 Real Sociedad 25 12 7 6 46 35 11 43
: ; 7 Levante %6 9 9 8 26 31 5 36
Brcelna 8  Valencia 25 10 5 10 38 36 2 35
' N 9 Sevilla 25 9 8 8 43 41 2 35
’rﬁallorca 10 Espanyol % 9 6 1 29 32 3 33
11 Celta Vigo 6 & 6 12 32 37 5 30
12 Osasuna 26 8 5 13 24 39 15 29
P’ 13 Elche 26 7 8 1 23 37 14 29
{I\._l () 14 Granada 26 8 3 15 22 36 14 27
A i 15 Getafe CF 26 7 6 13 23 40 7 27
Q (ﬁ P;@ e 16 Méalaga 26 6 8 12 24 35 11 26
g vmm 17 Almeria 25 7 5 13 24 42 18 26
18 Valladolid 26 4 11 11 28 44 16 23
19 Rayo 25 6 2 17 25 59 34 20
20 Real Betis Q 3 17 21 56 35 y

High level data United Blood Services

Great for overall high level status (eg surveillance)
Suggests additional information needed to predict success




There are many stakeholders of data & its analysis

Comparisons and Predictions require granular data from

many sources

Who primarily derives value?
Managers, clubs, fans, countries,
media, statisticians, financiers
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Keeper

José Manuel Pinto
Keeper

Oier Dlazabal
Keeper

Gerard Pigué
Centre Back
Carles Puyol
Centre Back &
Javier Mascherano
Centra Back

Marc Bartra
Centre Back
Jordi Alba
Left-Back
Adriano

Left-Back

Martin Montoya
Right-Back

Dani Alves
Right-Back
Sergio Busquets
Defensive Midfield
Alex Song
Defensive Midfield
Xavi

Central Midfield
Andrés Iniesta
Central Midfield
Jonathan dos Santos
Central Midfield
Sergi Roberto
Central Midfield
Cesc Fabregas
Attacking Midfield
Ibrahim Afellay
Left Wing

Neymar

Left Wing

Cristian Tello

Left Wing

Pedro

Right Wing

Alexis Sanchez
Right Wing

Isaac Cuenca
Right Wing

Lionel Messi
Centre Forward
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2002 to 2014

2008 to 2014

2013 to 2015

2008 to 2015

1999 to 2016

2010 to 2016
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2012 to 2017
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2002 to 2018
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12.000.000 €

200.000 €

800.000 €

36.000.000 €

1.000.000 €

15.000.000 €

12.000.000 €

25.000.000 €

15.000.000 €

12.000.000 €

18.000.000 €

45.000.000 €

18.000.000 €

10.000.000 €

55.000.000 €

3.000.000 €

8.000.000 €

50.000.000 €

5.000.000 €

60.000.000 €

5.000.000 €

25.000.000 €

20.000.000 €

2.000.000 €

120.000.000 €
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Average sge: 27,2 Years

Total: 223.100.000 €

@-MV: 23.524.000 €

More complex and granular data

Comes from many sources (from many data owners)
Dynamically changes

United Blood Services

]




There are many stakeholders of data & its analysis
The same data is used and viewed in dramatic ways

Who primarily derives value?
All stakeholders for different reasons

Explain what has happened and predict what may continue to happen United Blood Services
Requires access to variety of data and ongoing refinement of models/ideas

Not possible within the context of minimum data set alone




